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DEMO
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The following slides include a number of screenshots since most 

presented tools only run on the development machine at the moment. 
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Ollama – loading the LLMs locally

LangChain framework - for developing applications



Chat with Documents
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ZBW/EconBiz FAQ
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Vesrion:1 Vesrion:2



EconBiz enhanced search
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The context!

• semantically similar but irrelevant results

• ranking for quality, recency, or user preferences

Challenges
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In addition: 

The evaluation was conducted using manually selected 

publications, LLMs, and specified timeframes



…drawbacks of Baseline RAG

8

Context Understanding 

• Struggles with nuanced query intent and subtle context differences.

• Ex: "How do I treat apple tree pests in spring?“

Scalability and Performance

• Latency increases with data scale—high storage requirements for embeddings.

Relevance and Noise

• Returns semantically similar but irrelevant results, especially if the input query is vague.

Complex Query Handling

• Struggles with multi-hop reasoning (only top-n). Fails to resolve ambiguous queries.

• Ex: "What are the trade-offs of using solar panels in cloudy regions?"

Ranking and Post-Processing

• Lacks robust ranking for quality, recency, or user preferences. Generative synthesis struggles with noisy results.

• Ex: "What are the latest advancements in AI for healthcare in 2024?"

…



• Explicit Representation of Relationships

• Contextual Relevance Through Graph Traversal

• Enhanced Transparency

• Multi-hop Reasoning

Creating / Existing KG 

GraphRAG (Microsoft)*: Automatically generated KGs 

RAG with Knowledge Graphs
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https://neo4j.com/blog/graphrag-manifesto/

*Edge, D., Trinh, H., Cheng, N., Bradley, J., Chao, A., Mody, A., & Larson, J. (2024). From local to 

global: A graph rag approach to query-focused summarization. arXiv preprint arXiv:2404.16130.

https://neo4j.com/blog/graphrag-manifesto/


Complete prompt

KG in RAG
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Example
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Peng, B., Zhu, Y., Liu, Y., Bo, X., Shi, H., Hong, C., ... & Tang, S. (2024). Graph retrieval-

augmented generation: A survey. arXiv preprint arXiv:2408.08921.



Complete prompt

Agents in RAG Pipeline (Agentic Reasoning)
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e.g. RAG may be just a tool used by an Agent

Complex orchestration:

• multiple agents,

• multiple tools,  

• agent managers, 

• hierarchies,

• …



This implementation leverages the following 

components:

• Ollama (local setup)

• Ollama Embeddings

• Qdrant Vector Database
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An Example of RAG Implementation Using Agents with LangFlow



Example outcome
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Thank you!
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If you have questions or comments, please contact

Dr. Arben Hajra

a.hajra@zbw.eu

https://www.zbw.eu/de/ueber-zbw/profil/mitarbeiterprofile/profil-dr-arben-hajra
mailto:a.hajra@zbw.eu

